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Abstract

The idea of the “alignment tax” often appears in discussions about developing 
artifi cial intelligence. It suggests that safety measures slow down innovation and 
competitiveness. This opinion piece challenges that view. It claims that safety should 
be seen as an important part of technological capability, not as an added cost. By 
looking at examples from the aviation industry and recent progress in AI research, 
the article shows how interpretability, constitutional AI, and scalable oversight lead 
to more reliable, controllable, and socially acceptable systems. It argues that the real 
cost comes not from investing in safety, but from ignoring it. This neglect can cause 
societal harm, erode public trust, and invite more regulatory scrutiny. By viewing 
safety as a driver of long-term innovation, this article encourages the integration of 
alignment research into the foundation of AI development. This approach aims for 
sustainable and responsible progress.

size and conϐidence to enter commercial aviation. The current 
AI business is at a comparable inϐlexion point [1,5].

More recent discoveries of mechanistic interpretability, 
constitutional AI, and scalable oversight are not merely 
safety measures but essential ϐindings to the understanding 
and control of complex systems [5-7]. By ϐiguring out how to 
direct the behavior of the models without re-training, or by 
Building systems that are able to describe the chain of their 
reasoning, researchers are increasing the breadth, rather than 
narrowing it, of AI [8-11].

The real tax

It is not the cost of construction of safe systems that is the 
real tax, but the cost of not building safe systems. Implemented 
AI systems, which simulate medical guidance, increase biases 
in the employment process, or create persuasive fake news, are 
costly to society on a colossal scale. Every failure undermines 
the conϐidence of the people, creates opportunities to regulate, 
and becomes a limiting factor to the future possibilities of the 
ϐield, much more signiϐicantly than prudent safety work ever 
would [11,12].

In addition, there is a change in the competitive forces. 
Organizations that build strong safety practices are becoming 
more of leaders, rather than laggards. It is turning out to be a 
decisive factor, the possibility to implement AI systems that 
can be trusted by users, that can be accepted by regulators, 
and that will not lead to disastrous failures [12-15].

Opinions and perspectives
The artiϐicial intelligence community has a false dichotomy: 

AI safety or AI speed. This framing implies that we have to 
forego innovation at the altar of conformity, or hurry on even 
when we are going to face existential danger. They are both 
problematic paths, but it continues to argue that we have no 
other choice than these [1,2].

The performance cost of ensuring AI systems are safe and 
controllable is also referred to as the so-called alignment 
tax, which is cited as the reason why safety research 
should be deprioritized. Teams cite that the introduction of 
safety constraints decreases model capabilities, increases 
the deployment timeframes, and results in a competitive 
disadvantage. Such reasoning is based, however, on a very 
limited deϐinition of the concept of capability that values raw 
performance more highly than reliability, interpretability, and 
robustness [3,4].

Reframing the conversation

Suppose that safety research is, in fact, innovation research? 
Take into account the development of aviation. The invention 
of Flight belongs to the Wright brothers, and it was only 
decades of innovations in the domain of safety: pressurized 
cabins, redundancies, black boxes, and strict measures that 
led to becoming the standard of the modern aviation industry. 
These were not barriers to advancement, but facilitated the 
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A path forward

The next step is to forego the safety-versus-speed frame. 
Rather, safety is a key capability dimension that the AI 
research community should adopt. It indicates investing 
in interpretability as we invest in scaling laws, regarding 
alignment research as being part of the foundation and not 
optional, and quantifying the success not only by benchmark 
scores but by aspects of reliability, controllability, and positive 
effects [3,13].

It does not matter whether we can afford the alignment 
tax. Whether we can afford not to pay it, and whether we will 
recognize the fact that the most valuable innovations might 
be those that will enable us to survive in the transformative 
technology we are producing [1,2,12].

This view is part of the current discussions in the ield of AI 
safety, and it is not a consensus opinion. Other points of view 
focus on other trade-offs between short-term deployment 
imperatives and long-term safety factors.

Conclusion
The idea that AI development involves a trade-off 

between speed and safety is misleading and limiting. This 
short opinion argues that research focused on safety should 
be seen as a key part of innovation, not a barrier. Historical 
and current evidence shows that strong safety practices build 
trust, encourage wider use, and safeguard the long-term 
future of transformative technologies. By viewing safety as 
a crucial ability, along with performance and scalability, the 
AI community can shift away from chasing short-term gains 
and work towards lasting, socially beneϐicial progress. The 
important question is not whether we can avoid the costs of 
alignment, but whether we can responsibly manage the costs 
of ignoring safety.
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